
Making Informed Hiring Decisions Using  

Data Analytics as a Support

Introduction
Most academic leaders agree that faculty are the lifeblood of 
any university. They attract students to the campus, mentor 
them through academic programs, and constitute the quality 
and strength of the university’s research. Hiring and retaining 
the right faculty for the right program is critical to a university’s 
success both as an academic institution and as a research 
institution.

Strategic hiring goes far beyond just replacing faculty and staff 
when positions open. Ideally, it uses data and analytics as a 
VXSSRUW�WRRO�WR�KHOS�LGHQWLI\�VSHFL¿F�DUHDV�ZKHUH�KLULQJ�SDUWLFX-
lar faculty can have a major impact on driving the excellence of 
an academic unit. Not only can analytics support a university in 
its efforts to hire the right people, but having access to the data 
helps to inform department chairs, deans, provosts, presidents, 
vice presidents, and VPRs about the contributions of the 
faculty they have hired. When reviewed at regular intervals, it 
also helps identify opportunities to support retention and steps 
needed to address and keep valuable faculty and staff.

Academic Analytics offers solutions to support hiring and 
retention strategies by helping to identify hiring opportunities, 
demonstrate the impact of new hires, and monitor the progress 
of faculty and staff. This is driven by the powerful Academic 
Analytics Database (AAD), which includes information on  
approximately 220,000 faculty members associated with more 
than 9,000 Ph.D. programs and 11,000 departments at more 
than 385 universities in the United States and abroad.

The Hiring and Retention Decision Cycle
+LVWRULFDOO\��ZKHQ�XQLYHUVLWLHV�KDYH�KLUHG�WR�¿OO�YDFDQFLHV�OHIW�E\�
faculty who have retired or moved on, the focus has been on 
¿QGLQJ�VRPHRQH�ZLWK�D�VLPLODU�UHVHDUFK�EDFNJURXQG�

Over the past decade, in an effort to save money, some uni-
versity governing boards have pushed to hire less expensive 
DVVLVWDQW�RU�DVVRFLDWH�SURIHVVRUV�WR�¿OO�RSHQLQJV�OHIW�E\�UHWLULQJ�
full professors. Some have recommended deemphasizing or 
stepping away from research, leaving professors more time to 
focus on teaching students. While these short-term strategies 
can save money, they usually don’t consider the long-term 
impact on the university and its programs.

)ROORZLQJ�D�ZHOO�GH¿QHG�GHFLVLRQ�F\FOH�IRFXVHG�RQ�KLULQJ�DQG�
retention helps universities strategically identify gaps, hire the 
right people, and then monitor impact and retention issues. 
$FDGHPLF�$QDO\WLFV�KDV�GHYHORSHG�D�¿YH�VWHS�GHFLVLRQ�F\FOH�
(shown next column) that provides intelligence at every step to 
support an evidence-based culture.

  

 
Step 1: Identify Gaps and Priority 
Areas for Investment
7KH�¿UVW�VWHS�LQ�WKH�KLULQJ�SURFHVV�LV�GHWHUPLQLQJ�ZKHUH�WR�
hire. This could be driven by a number of factors: increased 
HQUROOPHQW�LQ�VSHFL¿F�DUHDV��D�GHFLVLRQ�WR�EXLOG�XSRQ�VWURQJ�
leadership or to build expertise in a particular academic unit, or 
even funding from federal or state initiatives.

University leaders generally have an idea of which units need 
investment. Academic Analytics provides tools that support 
decision-making efforts for the types of research candidates 
need to be considered to meet university and unit goals. The 
analysis is customizable, allowing visualization of a unit’s re-
search activity against the national comparative group, a group 
of selected peer institutions or standard peer groupings such 
as AAU public schools. 

Box plot charts show a way to visualize the analysis of a unit’s 
research activity today compared to other institutions. Leaders 
can see how they need to move research activity to meet 
goals, such as attracting top graduate students or attracting 
more research funding.
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7KH�4XLQWLOH�$QDO\VLV�UDQNV�IDFXOW\�UHVHDUFK�DFWLYLW\�LQ�RQH�RI�¿YH�
quintiles based on selected metrics such as citations, book and 
article publications, awards, and annual grant dollars. The break-
down of a unit’s faculty into quintiles offers opportunity to better 
XQGHUVWDQG�IDFXOW\�DQG�UHYLHZ�SRWHQWLDO�VWDI¿QJ�JDSV��6RPH�OHVV�
research-active faculty could be junior researchers who have yet 
to establish themselves in the discipline. Conversely, professors 
who are nearing retirement and have curtailed their research 
activity may fall into a lower quintile, potentially indicating a need 
to hire replacement faculty. 

Step 2: Model Hiring and Retention 
Scenarios
What is the effect of attrition on to an academic unit and the 
university as a whole? Even before professors resign or retire, 
schools can use Academic Analytics tools to look at key research 
metrics and help determine the overall impact of attrition. “What 
if?” scenario models help guide academic units to understand the 

LPSDFW�RI�KLULQJ�YDULRXV�UDQNV�DQG�VFKRODUO\�DFWLYLW\�SUR¿OHV��

Scenarios can be modeled and positioned against current 
metrics for the university, as well as against relevant peer sets. 
Department chairs, deans, and provosts can use these “What If” 
scenarios to see the impact of hiring a more research-active full 
professor or a less research-active associate professor, before 
even beginning the search process.

6WHS����,GHQWLI\�3UR¿OHV�WR�*XLGH�+LULQJ�
Committees
When it comes time to search for and hire new faculty, univer-
VLWLHV�FDQ�XVH�KLULQJ�SUR¿OHV�WR�JXLGH�KLULQJ�FRPPLWWHHV��1RW�
only do hiring committees know whether they are looking for a 
professor, associate professor, or assistant professor, the Quintile 
Analysis also gives the committees insight into what constitutes a 
more research-active faculty member.

Using Academic Analytics’ data, an academic unit can custom-
ize quintile views to include desired metrics—including citations, 
publications, awards, and annual grant dollars—across the 
discipline. Hiring committees can look at rankings for the types 

of candidates under consideration (senior, associate, or junior 
faculty) and can further view the analysis by peer sets. This can 
help committees understand where a candidate ranks against the 
wider backdrop of faculty in the desired discipline and university 
peer set.

 
Step 4: Demonstrate the Impact of New 
Hires
The hiring and retention cycle doesn’t end when new faculty come 
to campus. To demonstrate accountability and receive future fund-
ing, academic units must establish the impact of those hires.

Units can again use Academic Analytics data as a support tool to 
help focus on the metrics and analytics that are most important 
to them. Research activity, collaboration, and research strengths 
and weaknesses can be analyzed to understand the impact of 
new faculty. An impact gauge allows the university to hone in on 
the net change, seeing how the faculty has affected the unit since 
coming on board.

When the Quintile Analysis is used, university leaders have the 
ability to identify the research attributes of faculty in the up-
permost quintiles of a discipline and are more likely to identify 
and hire those candidates. By sharing the Quintile Analysis data 
and identifying these new hires, university leaders can send a 
message to governing boards that the institution doesn’t just hire 
SHRSOH�WR�¿OO�JDSV��LW�KLUHV�IDFXOW\�UHVHDUFKHUV�DW�WKH�WRS�RI�WKHLU�
game relative to their faculty status.
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Step 5: Monitor Progress of a Unit 
toward Long-Term Goals
Academic units that have brought in top faculty don’t want to 
lose these researchers to other universities or see their careers 
stagnate. Deans, provosts, and department chairs want to guide 
their faculty, provide support, and help ensure they have strong 
careers.

Academic Analytics tools guide university leaders with the ability 
to see rising faculty research stars as well as the opportunitiy to 
support struggling struggling faculty through comparing the re-
search activity of individual faculty to national norms. Universities 
can monitor faculty accomplishments and support educated, 
proactive decisions about retaining people and good investments 
to ensure continued career advancement.

Being able to identify a rising star, like an assistant professor per-
forming well beyond national and campus counterparts, provides 
department chairs with the ability to give that individual support—
offering guidance through the tenure process and providing good 
retention packages—to ensure they stay with the university.

7KLV�YLHZ�DOVR�LGHQWL¿HV�OHVV�UHVHDUFK�DFWLYH�LQGLYLGXDOV��QRW�MXVW�
with respect to the discipline or academic rank, but in comparison 
to others with the same number of years since completion of 
their degree. Department leaders can use the data in conversa-
tions to better understand why these faculty members fall not just 
below the median, but below national averages. Investigation into 
these faculty members’ progress may point to additional possible 
LQYHVWPHQWV�WR�KHOS�WKHP�JHW�EDFN�RQ�WUDFN��IRU�H[DPSOH��D�PHQ-
toring opportunity, a sabbatical, support from graduate students, 
or helping them become a co-Primary Investigator on a grant.

Guiding Funded Support
One of the contributions faculty make to an institution is overall 
research activity. First-rate research requires more than invest-
ment in top faculty. Funding is required to purchase equipment, 
hire staff to help run experiments, support time off to write journal 
articles, provide statistical analysis, and a multitude of other sup-
port functions. Funding for research projects typically comes from 
external sources. Hence, it is an institutional priority to identify 
funding sources and obtain support for research activity.

Prior to the introduction of the Academic Analytics database, 
universities often compared departments on campus to one 
another to view external research funding success. There were 
no national comparative solutions available. While there may be 
some value in that view, many disciplines do not enjoy the same 

grant opportunities as others. Cross-campus comparisons tell an 
incomplete story at best. 

For a complete picture, universities have the opportunity to see 
how an individual department or program is performing research 
compared to units in the same discipline at similar research insti-
tutions. Some broad program level information, such as STEM or 
Humanities comparisons, is available through the NSF (National 
Science Foundation). However, only Academic Analytics provides 
a complete, external comparative view at the individual depart-
ment or program level.

University leaders can use the Academic Analytics database 
to see a complete breakdown of funding for departments or 
programs on their campus and compare them to funding in peer 
units on peer campuses. Department chairs, deans, and provosts 
can see grant opportunities they may be missing, allowing them 
to dig deeper into potential funding resources. Further, peer sets 
can be constructed one school at a time, providing appropriate 
comparisons customized to the particular unit. For example, a 
biology department at a university without a medical school may 
not have the same funding opportunities as a similar department 
at a university with a medical school. 

7KH�$FDGHPLF�$QDO\WLFV¶�)DFXOW\�3UR¿OH�6\VWHP�GUDZV�XSRQ�WKH�
full constellation of research metrics attached to the individual 
faculty. This powerful new tool uses research-themed keywords 
WR�¿QG�LQGLYLGXDO�IDFXOW\�DFURVV�WKH�FRXQWU\�GRLQJ�UHVHDUFK�LQ�
related areas. Universities can identify research-active faculty 
in key areas and reach out to them for collaboration on grants, 
or look to them as potential mentors for junior staff, future hires, 
DGYLVRU\�ERDUG�PHPEHUV��DQG�RWKHU�RSSRUWXQLWLHV�WKDW�FDQ�EHQH¿W�
the university. 

7KH�SUR¿OH�DOVR�VKRZV�WKH�JUDQWV�RQ�ZKLFK�WKH�IDFXOW\�PHPEHU�
is listed as a Principal Investigator as well as grant opportuni-
ties currently available related to the research theme. Academic 
Analytics provides this information in real time, so the list of 
grants available for the faculty to pursue is up to date.
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Conclusion
Hiring top research faculty is critical to the success of a university. 
Attracting funding so that faculty can do the research that allows 
WKHP�WR�VWD\�DW�WKH�WRS�RI�WKHLU�¿HOG�LV�DOVR�D�NH\�WR�VXFFHVV�

Academic Analytics provides the resources that support deans, 
department chairs, VPR’s, and provosts as they look to identify 
key areas of investment, and hire top faculty for those posi-
tions. Monitoring tools enable universities to nurture rising stars 
and help faculty who may be stalled in their career progression, 
enabling those faculty members to become top-ranked faculty in 
the school and among peer universities. Academic Analytics also 
offers tools that help universities identify what research grants are 
available, so they can pursue the funding that supports top faculty 
DW�WKH�WRS�RI�WKHLU�¿HOG�

CASe STUDy: BAyLoR UNIveRSITy

Improving Graduate education with Academic Analytics

When Larry Lyon became Graduate Dean at Baylor University, 
he recognized the need to improve graduate education at the 
school. He also needed to convince others that improvement 
was necessary, and he wanted to demonstrate improvement 
when it occurred.

He began by looking at GRE scores to see the impact of ad-
GLWLRQDO�JUDGXDWH�VWLSHQG�IXQGLQJ�LQ�KLV�¿UVW�\HDU��:KHQ�KH�VDZ�
no difference, he let the graduate program directors know that 
he was going to measure GREs each year and share this infor-
mation across the university. He discovered that by measuring 
the GRE scores, they became important, and the graduate 
programs strived to improve this metric because it was being 
reviewed regularly.

Baylor began using Academic Analytics in 2002 to measure 
faculty scholarly productivity. Lyon recognized this productivity 
measurement as the single most important metric for a quality 
JUDGXDWH�SURJUDP��EXW�KH�DOVR�NQHZ�LW�ZDV�GLI¿FXOW�WR�PHDVXUH�
scholarly productivity.

“Without recognized scholars in your doctoral program, 

everything else doesn’t really matter. Many will tell you 

that their programs are full of nationally known scholars. I 

doubted that this was always the case.”  

– Larry Lyon

Focusing on the strength of the humanities program, Baylor 
XVHG�WRROV�IURP�$FDGHPLF�$QDO\WLFV�WR�VLJQL¿FDQWO\�LPSURYH�WKH�
SUR¿OH�RI�WKHLU�JUDGXDWH�IDFXOW\��/\RQ�ZDV�DEOH�WR�GHPRQVWUDWH�
which programs were populated by publishing, award-winning 
faculty, and which had fewer faculty with those credentials. By 
sharing these metrics across the university, over time, gradu-
DWH�GHSDUWPHQWV�EHJDQ�WR�LPSURYH�KLULQJ�SUR¿OHV�DQG�WHQXUH�
standards.

Lyon also used Academic Analytics’ tools to help graduate 
programs interested in launching a Ph.D. program see how 
far they had to go, and what level of faculty they needed to 

hire, before they would have the research activity necessary 
for strong doctoral programs. This data also opened up frank 
GLVFXVVLRQV�RQ�¿QGLQJ�WKH�IXQGLQJ�WR�EULQJ�LQ�WKRVH�VFKRODUV�

“One of the things Academic Analytics can do for us is take 

the graduate faculty we have now and show where they 

would rank, hypothetically, if they had a Ph.D. program 

now, based on the current number of articles and grant dol-

lars and citations that the faculty have. Sometimes, it can 

be a rather bracing reality check.” 

– Larry Lyon

Since the introduction of Academic Analytics, Baylor has added 
13 Ph.D. programs, now offering 27 total programs, and has 
VWUHQJWKHQHG�WKH�IDFXOW\�SUR¿OH�RI�H[LVWLQJ�SURJUDPV��/\RQ�
generates a graph that shows the university’s Ph.D. programs 
in the top half of all Ph.D. programs in the country. Since that 
¿UVW�JUDSK�LQ�������WKH�QXPEHU�RI�SURJUDPV�LQ�WKH�WRS�����KDV�
increased over four fold. By using and sharing the measure-
ment, and by allocating resources based on that measurement, 
RWKHU�GHSDUWPHQWV�DUH�VHHLQJ�WKH�EHQH¿WV�RI�PDNLQJ�WKH�OLVW�

Baylor is also using Academic Analytics to focus on the need 
for more grants. The university is strong when it comes to 
publications, citations and awards, but the faculty aren’t getting 
the same level of funding their peers are, even though the 
publishing numbers are similar. Not only is Baylor able to em-
phasize the need for funding, but Academic Analytics helps the 
university look at where peers in similar programs are getting 
grant dollars.

Lyon is excited for the future of Academic Analytics in graduate 
education. Based on the successes in humanities, Baylor is 
now using the tool with the STEM disciplines. The school also 
plans to take advantage of looking at the productivity of faculty 
members over time to better identify when they need to be 
proactive around retaining rising stars, as well as how to ad-
vise professors on the tenure track what additional activity they 
need to do in order to be at the level expected for tenure.


